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Introduction

Soil moisture is an important driver for water and energy exchange at the land surface. A correct prediction of soil moisture (e.g., with hydrological or earth system models) plays a crucial role in water management, food production,
flood forecasting, or climate projections.

= Data assimilation techniques, like the ensemble Kalman filter (Evensen, 1994) can be used to integrate those soil moisture observations into the corresponding hydrological model applications at different scales.

= Assimilating observational soil moisture data can improve not only simulated soil moisture but other important simulated fields such as discharge.

= In this poster, we provide an examples for the assimilation of soil moisture observations at continental scale into earth system model TerrSysMP (Shrestha et al., 2014) using the Parallel Data Assimilation Framework (Nerger & Hiller,
2013, Kurtz et al., 2016)
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Figure 1: Data flow for the data assimilation with TerrSysMP and the Parallel Data
Assimilation framework PDAF.
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Figure 3: Comparison of seasonal mean soil moisture (cm3/cm3) and runoff simulated by CLM (CLM-OL) and data
assimilation (CLM-DA) for the year 2000 — 2006 with CCI-SM satellite data, for a) DJF,(b) MAM, c) JJA and d) SON.
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