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Methods

Introduction

Brain parcellation Whole-brain

By means of the whole-brain dynamical models we Computational model (brain atlas) tractography

Investigate the impact of the neuroimaging data
processing on the results of model validation against
empirical data. In this study we considered the following
data processing parameters:
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network

Kuramoto model [3] of coupled phase oscillators was used to
simulate the dynamics of the phases 6;(t) of network nodes i =
1,---, N, which represent the mean resting-state dynamics of brain
regions [4,5]
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Conclusions
* A choice of a particular brain parcellation and « The main impact of the brain parcellation can be * The frequency bands of the BOLD filtering mostly
frequency band of BOLD filtering can cause a observed for the fitting quality of the simulated and affect structure-function model validation modality,
significant impact on the guality of the model fitting empirical functional data: simFC to empFC. optimal model parameters and compatiblility of the
and structure of the model parameter space. fitting results.
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